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IEEE BigData2016 Workshop

‘A‘PBL]CATION OF BIG DATA LOR

Important Date:

ct.10, 2016:Due date for full workshop

papers submission

ov.1, 2016: Notification of paper

acceptance to authors

ov.15, 2016: Cameraready of accepted

papers

ec.5-8,2016:Workshops

RESEARCH TOPICS

—-Application of Sociology/Sociophysics using

Big Data

—Application of Econometric/Econophysics
ng Big Data —Social Media Data analyses
m economic/olitical/social perspective
formatics using social Big Data —Marketing

science using social Big Data

—Business analytics using Big Data on

consumer behavior

—Culturomics and art management where,

including entertainment, helm in Big Data has

been outis utilized in the real world with

elements of their management.

—Analysis of reputation of entertainment

using Big Data. But not be limited to, in the

Workshop.

Contact and Web site
cssctore@ newton.damp.tottori-u.ac.jp

For details, please visit:

http:/css—
japan.com feeebigdataw
orkshop2016/4ndex.html|

APPLICATION OF BIG DATA FOR
COMIPUTATIONAL SOCIAL SCIENCE

Contemporary social sciences are facing a serious paradigm shift
because of the developments in computer and Internet
technologies,though traditional social sciences are still very
important. Big data, such as digital traces of online activities and
mobility records, allows us to quantify human behavior and social
phenomena at a fine—grained level,yet it is global in scale, thereby
complementing experimental data and theoretical and
computational simulation results. In some cases, we can even
employ the methods of natural sciences, including
physics,chemistry or biology, in order to analyze big data. From
this perspective, we will organize the workshop of “applications of
big data for computational social science.” The scopes of the
workshop include the applications of big data, as well as the
methods for collecting and using big data for computational social
science. Moreover, theoretical frameworks and computational
techniques for big data are also very important topics in our
workshop. In this workshop, social sciences are not limited to
sociology.economics, marketing, political science,but also include
informatics, complexity science,econophysics,sociophysics
culturomics and the arts.

Program Chairs or co-chairs:
Prof.Akira Ishii, Tottori University, Social Physics
Prof.Fujio Toriumi, The University of Tokyo, Informatics

Dr. Yasuko Kawahata, The University of Tokyo, Art and Technology

Program Committee Members:

Prof.Dirk Helbing, ETH Zurich, Switzerland, Computational Social
Science

Prof.Makoto Mizuno, NYU Stern School of Business, Marketing
Prof. Kazutoshi Sasahara, Indiana University Bloomington,
Complexity Science

Prof.Hideaki Takeda, National Institute of Informatics, Japan,
Informatics

Prof.Hiroki Takikawa, Tohoku University, Mathematical Sociology
Dr. Yoshihiko Suhara, MIT Media Lab, Human Dynamics

Prof. William Rand, Univ.of Maryland, Marketing

Prof. Stefan Thurner, Medical University of Vienna, Science of
Complex Systems

Prof. David Lazer, Northeastern University, Political Science
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